Research Brief: The Urban Green Infrastructure Workforce: A Brief on Pay Differentials and Workforce Composition by Enayati, Hassan & Barrington, Linda
Cornell University ILR School 
DigitalCommons@ILR 
ILR Outreach 
9-7-2016 
Research Brief: The Urban Green Infrastructure Workforce: A Brief 
on Pay Differentials and Workforce Composition 
Hassan Enayati 
Cornell University, he76@cornell.edu 
Linda Barrington 
Cornell University, ljb38@cornell.edu 
Follow this and additional works at: https://digitalcommons.ilr.cornell.edu/outreach 
 Part of the Benefits and Compensation Commons, Labor Economics Commons, and the Labor 
Relations Commons 
Thank you for downloading an article from DigitalCommons@ILR. 
Support this valuable resource today! 
This Article is brought to you for free and open access by DigitalCommons@ILR. It has been accepted for inclusion 
in ILR Outreach by an authorized administrator of DigitalCommons@ILR. For more information, please contact 
catherwood-dig@cornell.edu. 
If you have a disability and are having trouble accessing information on this website or need materials in an 
alternate format, contact web-accessibility@cornell.edu for assistance. 
Research Brief: The Urban Green Infrastructure Workforce: A Brief on Pay 
Differentials and Workforce Composition 
Abstract 
[Excerpt] This study examines the pay differential for urban green infrastructure occupations focused on 
installation, maintenance, and/or inspection as well as the differences in workforce composition by urban 
green infrastructure status. An original definition of urban green infrastructure jobs developed by Jobs for 
the Future as part of the NatureWORKS national initiative is used in this analysis. It focused on the broad 
research questions: Is there a pay premium or gap in urban green infrastructure, and how do worker 
characteristics contribute to the observed raw differential? To address these questions, we explored the 
impact of expanding the Mincer earnings equation to account for occupation fixed effects as well as 
measures of needed skills within occupation. 
Keywords 
pay differential, green jobs, workforce composition 
Disciplines 
Benefits and Compensation | Labor Economics | Labor Relations 
Comments 
Suggested Citation 
Enayati, H., & Barrington, L. (2016). The urban green infrastructure workforce: A brief on pay differentials 
and workforce composition [Electronic version]. Ithaca, NY: Cornell University, ILR School, Institute for 
Compensation Studies. 
Required Publisher Statement 
© Cornell University. Reprinted with permission. All rights reserved. 
This article is available at DigitalCommons@ILR: https://digitalcommons.ilr.cornell.edu/outreach/1 
1 
 
 
 
 
The Urban Green Infrastructure Workforce:  
A Brief on Pay Differentials and Workforce Composition1 
Prepared by the 
 Institute for Compensation Studies 
ILR School, Cornell University 
Hassan Enayati and Linda Barrington 
 
September 7, 2016 
 
 
  
                                                            
1 Funding for this study was provided by Jobs for the Future (JFF) through a grant under the U.S. Forest Service, 
jointly agreeing with the Institute for Compensation Studies (ICS) authors on the research question of interest. JFF 
surveyed a group of advisors with expertise in green infrastructure as well as the National Green Infrastructure 
Certification Program to determine the final list of urban green infrastructure occupations in installation, 
maintenance, and/or inspection and their respective involvement in green infrastructure activities. JFF provided 
these data to ICS for analysis and provided valuable insight on the green infrastructure labor market, which helped 
ICS ensure its models were valid in terms of real-world practice and terminology. Independently, ICS conducted the 
statistical analyses herein.  
 
The views, opinions, findings and conclusions or recommendations expressed in this paper are strictly those of the 
author(s). They do not necessarily reflect the views of the ILR School at Cornell University. The authors wish to 
thank JFF for their helpful comments. Corresponding author: Hassan Enayati he76@cornell.edu. 
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Introduction 
 This study examines the pay differential for urban green infrastructure occupations 
focused on installation, maintenance, and/or inspection as well as the differences in workforce 
composition by urban green infrastructure status. It focused on the broad research questions: Is 
there a pay premium or gap in urban green infrastructure, and how do worker characteristics 
contribute to the observed raw differential? To address these questions, we explored the impact 
of expanding the Mincer earnings equation to account for occupation fixed effects as well as 
measures of needed skills within occupation. 
 
Data and Empirical Sample 
 To conduct the analysis, we rely upon the American Community Survey – Integrated 
Microdata Series’ (ACS-IPUMS) single-year surveys from 2010 through 2013.2 The sample was 
restricted to individuals between 16 and 64 years old who indicated that they participated full-
time and full-year in the labor force in the prior year.3 The individual-level data on pay and 
worker characteristics, such as gender, race, education, age, and sector, from the ACS-IPUMS 
was supplemented with Standard Occupational Classification (SOC) level data from the 
Occupational Information Network (O*NET) on a universe of 35 employment skills, e.g., critical 
thinking, installation, operation monitoring, etc. This merged dataset contained complete 
                                                            
2 Steven Ruggles, Katie Genadek, Ronald Goeken, Josiah Grover, and Matthew Sobek. Integrated Public Use 
Microdata Series: Version 6.0 [Machine-readable database]. Minneapolis: University of Minnesota, 2015. 
3 Full-time and full-year employment is defined as working at least 35 hours per week for at least 40 weeks in the 
prior year. Additionally, unpaid family workers, active military members, and military-specific occupations were 
excluded from the analysis. Due to the analysis techniques employed, the sample was restricted to individuals with 
Standard Occupational Classification codes of six digits. For brevity, later reference to workforce shall refer to this 
sample. 
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information on 2,922,920 individuals. Further subsamples were created to study the pay 
differentials in the following metropolitan areas: Ann Arbor, MI; Austin, TX; Charlotte, NC; 
Denver, CO; Lincoln, NE; and Portland, OR. 
 Green infrastructure occupations were identified by advisors with expertise in green 
infrastructure. The NatureWORKS project assisted in defining green infrastructure jobs as 
primarily connected to installation, maintenance, and inspection. Further, NatureWORKS and 
the National Green Infrastructure Certification Program developed estimates of the percent of 
time green infrastructure occupations where involved in green infrastructure activities. This 
study focuses on installation, maintenance, and/or inspection occupations classified as urban 
green infrastructure (UGI-IMI). Individuals were labeled as working in a UGI-IMI occupation if 
their self-reported occupation was among those identified as an occupation appropriate to assign 
to individuals doing relevant urban green infrastructure work.4 Occupations were defined using 
the six-digit SOC codes in the ACS-IPUMS data. The full list of the 27 UGI-IMI occupations 
used in this analysis are reported in Appendix Table 1.5 
 
Methods and Findings 
 Table 1 presents the initial description of those in UGI-IMI occupations (as defined 
above). The first row of column 1 indicates that 6 percent of the nation’s workforce participates 
in occupations that could include individuals doing UGI-IMI work, such as landscapers or 
                                                            
4 This analysis relies upon the accuracy with which JFF’s advisors defined the list of GI occupations and their 
involvement in GI activities to appropriately estimate the relationship between GI involvement and compensation. 
5 For further details regarding the survey design and specific estimates of green infrastructure involvement, please 
contact Jobs for the Future at info@jff.org. 
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pavers.6 Columns 2 through 7 show that this share varies slightly across selected cities from 4 to 
6 percent. Focusing on column 1, we see that the national hourly wage, averaged across all 
occupations, is $23.52.7 Separating by UGI-IMI occupational status reveals that those in UGI-
IMI occupations earn on average $17.47 per hour while those not in UGI-IMI occupations earn 
on average $23.91 per hour. Thus, the raw pay gap for UGI-IMI occupations is on average $6.44 
per hour. This finding suggests that those in UGI-IMI occupations earn 26.9 percent lower wages 
than those not in UGI-IMI occupations. Further analysis will address what factors could be 
driving this differential. 
 Table 2 describes the worker characteristics in our sample. Of the national sample, 45 
percent of individuals are female and the average age is 42 years old. Given the structure of the 
ACS, we find that our sample matches the national racial/ethnic composition of the United States 
with Black and Hispanic individuals representing 12 percent and 16 percent, respectively, of the 
sample. Considering attributes that are likely to impact an individual’s labor market outcomes, 
Table 2 reports an average of 13.9 years of schooling, which corresponds to some college, and 
21.7 years of potential work experience.8 Finally, the sector in which an individual works may be 
important in our study of UGI-IMI occupations. In this sample, 17 percent of individuals work in 
the public sector, 8 percent work for non-profits, and 75 percent work in the for-profit sector. 
                                                            
6 While not all pavers, for example, are doing GI work by paving with permeable pavement, an individual paving 
with permeable pavement would be appropriately assigned to the occupation “paver.” Therefore, in this study the 
occupation paver (SOC 47-2071) is a GI occupation. Additionally, the rubric used to assign occupations as GI 
caused groups like pile-driver operators to be considered as a GI occupation even though that specific occupation 
was not initially deemed as GI. In this case, operating engineers and other construction equipment operators (SOC 
47-2073) are considered as belonging to the GI workforce. When using the aggregated 6-digit SOC schema in the 
ACS, these workers were classified under 47-207X, which also included pile-driver operators (47-2072). We further 
discuss the implications of the way GI occupations were identified in the limitations section of this brief. 
7 Wages were adjusted using the CPI-U to 2015 constant dollars and were top-coded at the 95th percentile. 
8 Potential experience is calculated using the standard labor economics function: experience equals age minus years 
of schooling minus six. 
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 Table 3 highlights the differences between those in UGI-IMI occupations compared to 
those not in UGI-IMI occupations. At the national level, workers in UGI-IMI occupations are 41 
percent less likely to be female than workers not in UGI-IMI occupations. The pattern of UGI-
IMI occupations being male dominant carries over each of the selected cities. Another finding is 
that those in UGI-IMI occupations are younger and have roughly 2.7 fewer years of education 
than their peers not in UGI-IMI occupations.  
 To analyze the role that being in a UGI-IMI occupation has on wages, this study utilizes 
the Mincer earning function commonly used in labor economics.9 The Mincer model explains 
earnings as a function of schooling, experience, and worker characteristics: 
lnሺ ௜ܹሻ ൌ ߙ ൅ ߚଵܩ௜ ൅ ߚଶ ௜ܵ ൅ ߚଷܧ௜ ൅ ߚସܧ௜ଶ ൅ ௜ܺߜ ൅ ߝ௜ 
The dependent variable is log hourly wages, Wi, for individual i. The variable Gi captures the 
concept of UGI-IMI in one of two ways: an indicator variable equal to one when the individual’s 
SOC code matches an occupation on the designated UGI-IMI occupation list or a continuous 
variable bounded between 0 and 100 that represents the percent of time a given occupation is 
involved in UGI-IMI activities. Thus, occupations not involved in UGI-IMI activities have a 
value of 0. As the average percent of time an occupation spends on UGI-IMI activities increases, 
the independent variable, Gi, increases towards 100. Years of schooling and years of experience 
are represented by Si and Ei, respectively. Xi is a matrix of individual characteristics, including 
sex, race, veteran status, disability status, and sector of employment. The remaining error in the 
model is captured by εi. 
                                                            
9 For a thorough discussion of the Mincer earnings function, see “The causal effect of education on earnings” by 
David Card (1999). 
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 Table 4 reports the estimates from the baseline regression using the Mincer earnings 
function. The estimate of interest is β1, which measures the pay differential for workers in UGI-
IMI occupations compared to their peers not in UGI-IMI. The coefficient using the full national 
sample is -0.095 (-9.5 percent). This estimate means that, conditional on the set of regressors 
included in the model, workers in UGI-IMI occupations earn 9.5 percent lower wages than those 
not in UGI-IMI occupations. Looking across the first row, we see that the estimated pay 
differential is negative in each city with the exception of Lincoln. Ann Arbor has the lowest 
estimate with a statistically insignificant 28.1 percent gap.  
The estimated differentials of UGI-IMI occupations from this model are likely biased 
downward due to the construction of the comparison group. This model compares the wages of 
those in UGI-IMI occupations to the wages of workers in all occupations not classified as UGI-
IMI. Clearly, this is a course comparison group that may not be adequately similar to our group 
of interest, those in UGI-IMI occupations, even after statistically controlling for (isolating) the 
impacts of the other right-hand variables such as years of schooling or work experience. The 
remainder of this brief describes efforts to improve the quality of the comparison group to obtain 
less biased estimates of the UGI-IMI pay differential. 
 In order to further refine the comparison group used in this study, we extended the 
baseline model to include occupation fixed effects. The UGI-IMI indicator, Gi, is based on the 
six-digit SOC code. The occupation fixed effects grouped six-digit SOC codes by the first three 
digits of the SOC code, resulting in 89 groups. Thus, workers are compared to individuals with 
the same first three SOC code digits. For example, pipelayers with SOC code 47-2151 are 
compared to other occupations within the construction trades workers group (47-2), which 
includes boilermakers (47-2011), carpenters (47-2031), cement masons and concrete finishers 
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(47-2051), and roofers (47-2181). Without doing this adjustment, the baseline model compares 
pipelayers to a much broader group including psychologists, legislators, and food preparation 
workers, for example. Table 5 reports the results of the model including occupation fixed effects. 
The national estimate for the UGI-IMI pay gap is reduced to -0.035 (-3.5 percent). For each 
targeted city with the exception of Ann Arbor, the pay differential became statistically 
insignificant when the fixed effects were included. Only the estimate for Ann Arbor remained 
negative and statistically significant. These estimates more accurately describe the role that UGI-
IMI occupation status plays on earnings than the initial baseline model as the comparison group 
is more refined and represents individuals within similar professions. 
 Table 6 presents the results of models replacing the binary UGI-IMI classification 
measure with a continuous measure of UGI-IMI involvement. A key benefit of this approach is 
that it allows the analysis to distinguish the role of high UGI-IMI involvement occupations like 
tree trimmers from lower involvement occupations like roofing helpers. Among the 27 UGI-IMI 
occupations, the levels of involvement ranged from 2 percent to 75 percent with an average of 11 
percent. Column 1 reports that on a national level, a one percentage point increase in UGI-IMI 
involvement is associated with a 1.5 percent pay loss. Again, we find statistically significant 
negative estimates for each selected city other than Lincoln. 
 We next analyzed the baseline model of UGI-IMI involvement at the national level 
separately for each sector. Table 7 reports the results of these regressions. For individuals 
employed in the for-profit sector, increasing one’s UGI-IMI involvement by one percentage 
point corresponds to a -1.5 percent lower wage. Those in UGI-IMI occupations in the non-profit 
sector have a lower UGI-IMI differential than their for-profit peers with an estimate of -1.3 
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percent. The largest pay gap is seen by workers in the public sector, with a differential of -1.7 
percent.  
 Table 8 refines the comparison group for the models with estimates of UGI-IMI 
involvement by including the 89 occupation fixed effects. With a finer measure of UGI-IMI and 
more similar comparison groups, the pay gap is reduced to less than a one percent reduction (0.6 
percent) for a one percentage point increase in UGI-IMI involvement. In line with the findings 
from Table 5, Ann Arbor is the sole selected city with a statistically significant negative pay gap.  
 In an attempt to build upon the concept of comparing individuals with similar workplace 
skills, the O*NET database detailing skills for six-digit occupations was incorporated. Skills are 
rated on a scale from 0 to 100. Tables 9 and 10 as well as Figures 1 and 2 describe the difference 
in the level and importance of a set of 35 skills by UGI-IMI occupation status. For example, 
workers in UGI-IMI occupations have levels of troubleshooting skills 14.36 percentage points 
higher than workers not in UGI-IMI occupations. When we consider the importance of the 
troubleshooting skills to their chosen occupation, we see that troubleshooting skills are 17.33 
percentage points more important in UGI-IMI fields. Figures 1 and 2 report the differential by 
UGI-IMI status for each skill if the differential was statistically significant at the 5 percent level. 
Comparing the figures shows that there are substantial differences by UGI-IMI occupation status 
in terms of the level of skills.  
 Tables 11 reports the estimates of the baseline UGI-IMI involvement model with the 
inclusion of skill levels. The addition of the skill measures attenuates the original baseline 
estimates. The pay gap for UGI-IMI involvement after controlling for individual worker 
characteristics and the level of skills needed in their current position is -1.1 percent. Again, we 
find that the inclusion of measures that improve the quality of the comparison group lowers the 
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pay differential for UGI-IMI involvement. Tables 12 expands upon the models with skill 
measures by also incorporating occupation fixed effects.10 The inclusion of the fixed effects 
increases the differential for skill to a loss of 0.4 percent. 
 As a final consideration of the pay differential for workers in UGI-IMI occupations, we 
considered a richer concept of compensation. Specifically, we analyzed the share of workers 
with employer-provided health insurance as this type of benefit is an additional part of the 
employee’s compensation package. Panel A of Table 13 reports the raw shares of workers with 
employer-provided health insurance by UGI-IMI occupation status. Across the nation, 66 percent 
workers in UGI-IMI occupations have employer-provided health insurance compared to 83 
percent of workers not in UGI-IMI occupations. This pattern of lower prevalence of employer-
provided health insurance is consistent across the selected cities. 
Panel B of Table 13 displays the estimate for UGI-IMI occupational status for four key 
models, i.e., baseline, fixed effects, skill level, and fixed effects with skill level, described above 
with an indicator variable equal to one if the worker has employer-provided health insurance. 
The baseline national estimate is a gap of 7 percent, which implies that after controlling for other 
explanatory variables, UGI-IMI occupational status corresponds with a 7 percent lower 
probability of having employer-provided health insurance.  
Our preferred models with occupation fixed effects indicate that with a more refined 
comparison group, the estimate increases to a positive premium of 1 to 2 percent for individuals 
in UGI-IMI occupations. The finding of a positive estimate indicates that while workers in UGI-
                                                            
10 Models including skill importance were analyzed and follow similar patterns as skill levels. Results are available 
from the authors upon request. 
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IMI occupations have lower levels of pay, they may by compensated in different forms of 
rewards.  
 
Summary 
 Our analysis indicates that 6 percent of the nation’s full-time/full-year workforce are 
employed in UGI-IMI occupations. Moreover, our study demonstrates evidence that indicates 
that workers in UGI-IMI occupations receive lower wages but have greater access to employer-
provided health insurance than their peers not in UGI-IMI occupations. Considering a series of 
models based on the Mincer earnings equation, we find that the most convincing analyses 
included occupation fixed effects, which provided a similar comparison group to our set of UGI-
IMI occupations. The evidence suggests that increased involvement in UGI-IMI occupations 
corresponds to a pay losses ranging between 0.4 and 0.6 percent of wages. Additionally, the 
probability of having employer-provided health insurance is 1 to 2 percent higher for workers in 
UGI-IMI occupations. 
The creation of a list of UGI-IMI occupations and their relative involvement in UGI-IMI 
activities is an important development of this project under Jobs for the Future. These 
developments set the stage for later studies to further explore the labor market for those in green 
infrastructure.  
 
Limitations 
 While this analysis has documented the pay gaps for those working in UGI-IMI fields, 
the available data within the ACS limit this analysis in two ways. First, as mentioned above, not 
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all 6-digit SOC occupational types outlined by the federal government are available within the 
ACS data. For example, landscaping and groundskeeping workers (37-3011), pesticide handlers, 
sprayers, and applicators (37-3012), and tree trimmers and pruners (37-3013) are all UGI-IMI 
occupations and all fall under the ACS coding of grounds maintenance workers (37-3010). This 
aggregation also includes one occupation not specifically identified as participating in UGI-IMI 
activities, other grounds maintenance workers (37-3019). The aggregation not only means that 
the analysis is not able to assess the role of UGI-IMI involvement for each of the UGI-IMI 
occupations but that is also includes some occupations not specifically coded as UGI-IMI. To 
address this limitation, O*NET data on 2014 employment levels were used to adjust the 
involvement data. For each aggregated SOC, the initial involvement level was multiplied by the 
proportion of workers in the detailed occupation out of those in the aggregate occupation. Thus, 
the involvement level for landscaping and groundskeeping workers was multiplied the ratio of 
number of individuals employed in that occupation in 2014 (1,168,000) to number of individuals 
in all 37-3010 occupations (1,282,000). 
 Second, the analysis relies upon national survey data not specifically collected to assess 
the labor market of those in green infrastructure. As such, the data do not contain an individual-
level measure of UGI-IMI involvement, which would be ideal. Instead, we rely upon the 
knowledge of the GI advisors in the construction of the list of UGI-IMI occupations and the 
determination of their usual UGI-IMI involvement.   
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Tables 
 
 
 
 
Table 1. Wage Summarization by Green Infrastructure Status 
                
 (1) (2) (3) (4) (5) (6) (7) 
  National Ann Arbor Austin Charlotte Denver Lincoln Portland 
Proportion in GI 0.06 0.04 0.05 0.06 0.05 0.06 0.05 
 (0.24) (0.20) (0.22) (0.23) (0.23) (0.23) (0.22) 
Hourly Wage 23.52 26.48 23.48 22.49 25.20 20.89 24.72 
 (13.66) (14.26) (13.79) (13.14) (13.87) (11.33) (13.44) 
GI Wages 17.47 17.26 15.30 15.02 17.95 19.17 18.17 
 (10.15) (11.19) (8.67) (7.86) (9.16) (8.94) (10.36) 
Non-GI Wages 23.91 26.88 23.93 22.94 25.62 21.00 25.09 
  (13.77) (14.24) (13.88) (13.26) (13.98) (11.45) (13.50) 
Observations 2,922,920 4,137 20,693 23,951 31,738 2,619 23,173 
Note: Means with standard deviations reported in parentheses. Wages are expressed as 2015 constant 
dollars using CPI-U adjustment. These data come from the ACS-IPUMS sample. Estimates have been 
weighted at the person-level. 
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Table 2. Summary Statistics of Worker Characteristics 
                
 (1) (2) (3) (4) (5) (6) (7) 
  National 
Ann 
Arbor Austin Charlotte Denver Lincoln Portland 
Female 0.45 0.44 0.44 0.45 0.43 0.45 0.43 
 (0.50) (0.50) (0.50) (0.50) (0.50) (0.50) (0.50) 
Age 41.56 41.68 39.63 41.02 40.76 40.86 41.53 
 (11.67) (11.80) (11.29) (11.25) (11.61) (12.50) (11.50) 
Schooling 13.85 15.05 14.07 13.94 14.25 14.22 14.12 
 (2.82) (2.51) (2.97) (2.70) (2.80) (2.43) (2.72) 
Experience 21.71 20.63 19.56 21.08 20.51 20.64 21.41 
 (11.94) (11.84) (11.48) (11.51) (11.82) (12.62) (11.69) 
Black 0.12 0.08 0.07 0.21 0.05 0.02 0.02 
 (0.32) (0.27) (0.25) (0.41) (0.21) (0.16) (0.15) 
Hispanic 0.16 0.03 0.29 0.09 0.19 0.04 0.10 
 (0.37) (0.18) (0.45) (0.28) (0.39) (0.20) (0.30) 
Veteran 0.07 0.04 0.07 0.07 0.06 0.07 0.07 
 (0.25) (0.20) (0.25) (0.25) (0.25) (0.26) (0.25) 
Public Sector 0.17 0.18 0.19 0.13 0.14 0.19 0.14 
 (0.37) (0.39) (0.39) (0.33) (0.35) (0.39) (0.34) 
Non-Profit 0.08 0.13 0.07 0.06 0.08 0.10 0.10 
 (0.27) (0.33) (0.25) (0.25) (0.27) (0.30) (0.29) 
Disability 0.04 0.03 0.04 0.04 0.04 0.04 0.04 
  (0.20) (0.17) (0.20) (0.19) (0.19) (0.20) (0.20) 
Observations 2,922,920 4,137 20,693 23,951 31,738 2,619 23,173 
Note: Means with standard deviations reported in parentheses. These data come from the ACS-IPUMS 
sample. Estimates have been weighted at the person-level.  
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Table 3. Green Infrastructure Differences in Worker Characteristics 
                
 (1) (2) (3) (4) (5) (6) (7) 
  National Ann Arbor Austin Charlotte Denver Lincoln Portland 
Female -0.41*** -0.34*** -0.43*** -0.40*** -0.40*** -0.40*** -0.37*** 
  0 -0.04 -0.02 -0.01 -0.01 -0.04 -0.01 
Age -1.79*** -3.13*** -1.67*** -2.78*** -1.71*** 1.03 -1.65*** 
  -0.03 -0.92 -0.35 -0.31 -0.29 -1.05 -0.34 
Schooling -2.70*** -2.62*** -3.77*** -2.86*** -3.00*** -2.03*** -2.78*** 
  -0.01 -0.19 -0.09 -0.07 -0.07 -0.2 -0.08 
Experience 0.91*** -0.51 2.11*** 0.09 1.30*** 3.06** 1.13** 
  -0.03 -0.93 -0.36 -0.32 -0.29 -1.06 -0.34 
Black -0.02*** 0.10*** -0.03*** -0.01 0 0 0 
  0 -0.02 -0.01 -0.01 -0.01 -0.01 0 
Hispanic 0.20*** 0.02 0.41*** 0.24*** 0.30*** 0.06*** 0.21*** 
  0 -0.01 -0.01 -0.01 -0.01 -0.02 -0.01 
Veteran 0.01*** 0.02 -0.02** 0.01 -0.01* 0.08*** 0.03*** 
  0 -0.02 -0.01 -0.01 -0.01 -0.02 -0.01 
Public Sector -0.08*** -0.10*** -0.11*** -0.09*** -0.07*** -0.08* -0.07*** 
  0 -0.03 -0.01 -0.01 -0.01 -0.03 -0.01 
Non-Profit -0.06*** -0.12*** -0.04*** -0.05*** -0.05*** -0.08*** -0.07*** 
  0 -0.03 -0.01 -0.01 -0.01 -0.03 -0.01 
Disability 0.01*** 0.01 -0.01 0 0.01* 0.03 0.01 
  0 -0.01 -0.01 -0.01 0 -0.02 -0.01 
Observations 2,922,920 4,137 20,693 23,951 31,738 2,619 23,173 
Note: Mean difference with standard errors reported in parentheses. These data come from the ACS-IPUMS 
sample and represent the difference in means for those in GI occupations compared to those not in GI 
occupations. Estimates have been weighted at the person-level. 
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Table 4. Pay Differential Analysis of GI Occupations 
 (1) (2) (3) (4) (5) (6) (7) 
  National Ann Arbor Austin Charlotte Denver Lincoln Portland 
GI SOC -0.095*** -0.281** -0.093*** -0.127*** -0.078*** 0.030 -0.113***
 (0.002) (0.093) (0.022) (0.019) (0.017) (0.049) (0.023) 
Female -0.190*** -0.186*** -0.159*** -0.181*** -0.163*** -0.186*** -0.178***
 (0.001) (0.019) (0.010) (0.008) (0.007) (0.023) (0.008) 
Schooling 0.099*** 0.106*** 0.097*** 0.106*** 0.091*** 0.089*** 0.093*** 
 (0.000) (0.005) (0.002) (0.002) (0.002) (0.007) (0.002) 
Experience 0.039*** 0.060*** 0.047*** 0.042*** 0.047*** 0.048*** 0.045*** 
 (0.000) (0.003) (0.002) (0.001) (0.001) (0.004) (0.002) 
Experience Sq. -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001***
 (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 
Black -0.152*** -0.193*** -0.200*** -0.187*** -0.179*** -0.251** -0.116***
 (0.001) (0.053) (0.020) (0.011) (0.019) (0.085) (0.033) 
Hispanic -0.117*** -0.121 -0.152*** -0.162*** -0.153*** -0.041 -0.149***
 (0.001) (0.069) (0.012) (0.018) (0.011) (0.073) (0.018) 
Veteran 0.017*** 0.039 0.019 0.021 0.019 0.062 -0.016 
 (0.002) (0.054) (0.019) (0.018) (0.014) (0.041) (0.017) 
Public Sector 0.050*** 0.009 -0.057*** -0.122*** 0.011 0.038 0.025* 
 (0.001) (0.024) (0.011) (0.011) (0.009) (0.026) (0.010) 
Non-Profit -0.027*** -0.034 -0.058*** -0.059*** -0.057*** 0.029 0.008 
 (0.001) (0.027) (0.017) (0.016) (0.013) (0.036) (0.014) 
Disability -0.130*** -0.145** -0.083*** -0.125*** -0.132*** -0.101 -0.124***
 (0.002) (0.056) (0.023) (0.019) (0.018) (0.070) (0.022) 
Constant 1.246*** 0.946*** 1.223*** 1.121*** 1.343*** 1.150*** 1.312*** 
  (0.003) (0.078) (0.037) (0.034) (0.029) (0.110) (0.033) 
Observations 2,922,920 4,137 20,693 23,951 31,738 2,619 23,173 
R-squared 0.31 0.39 0.36 0.34 0.32 0.34 0.31 
Note: Estimates with standard errors reported in parentheses. Data come from the ACS-IPUMS sample. 
Estimates have been weighted at the person-level and errors have been made robust to heteroscedasticity. 
Levels of significance: * p<0.05, ** p<0.01, *** p<0.001. 
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Table 5. Pay Differential Analysis of GI Occupations with Occupation Fixed Effects 
 (1) (2) (3) (4) (5) (6) (7) 
  National Ann Arbor Austin Charlotte Denver Lincoln Portland 
GI SOC -0.035*** -0.203* 0.012 -0.026 0.025 -0.048 -0.024 
 (0.003) (0.095) (0.037) (0.030) (0.026) (0.087) (0.037) 
Female -0.143*** -0.142*** -0.110*** -0.151*** -0.110*** -0.160*** -0.135***
 (0.001) (0.021) (0.009) (0.009) (0.007) (0.024) (0.008) 
Schooling 0.062*** 0.070*** 0.059*** 0.068*** 0.056*** 0.055*** 0.052*** 
 (0.000) (0.006) (0.002) (0.002) (0.002) (0.007) (0.002) 
Experience 0.033*** 0.051*** 0.038*** 0.036*** 0.039*** 0.039*** 0.037*** 
 (0.000) (0.003) (0.001) (0.001) (0.001) (0.004) (0.001) 
Experience Sq. -0.000*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001***
 (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 
Black -0.088*** -0.127** -0.120*** -0.117*** -0.105*** -0.148* -0.056 
 (0.001) (0.049) (0.016) (0.010) (0.017) (0.074) (0.031) 
Hispanic -0.073*** -0.056 -0.090*** -0.117*** -0.091*** -0.020 -0.097***
 (0.001) (0.062) (0.011) (0.016) (0.010) (0.059) (0.016) 
Veteran -0.003* 0.017 -0.003 0.025 -0.010 0.067 -0.020 
 (0.001) (0.052) (0.018) (0.015) (0.013) (0.042) (0.015) 
Public Sector 0.075*** 0.043 -0.015 0.006 0.065*** 0.043 0.088*** 
 (0.001) (0.026) (0.011) (0.013) (0.010) (0.027) (0.011) 
Non-Profit -0.022*** -0.039 -0.031 -0.031* -0.028* -0.000 -0.006 
 (0.001) (0.027) (0.016) (0.015) (0.011) (0.032) (0.012) 
Disability -0.103*** -0.111* -0.058** -0.101*** -0.109*** -0.042 -0.100***
  (0.002) (0.052) (0.020) (0.018) (0.016) (0.053) (0.019) 
Observations 2,922,920 4,137 20,693 23,951 31,738 2,619 23,173 
R-squared 0.43 0.49 0.49 0.46 0.45 0.49 0.45 
Note: Estimates with standard errors reported in parentheses. These data come from the ACS-IPUMS 
sample. Estimates have been weighted at the person-level and errors have been made robust to 
heteroscedasticity. Levels of significance: * p<0.05, ** p<0.01, *** p<0.001. 
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Table 6. Pay Differential Analysis of GI Involvement 
 (1) (2) (3) (4) (5) (6) (7) 
  National Ann Arbor Austin Charlotte Denver Lincoln Portland 
GI Involvement -0.015*** -0.037*** -0.013*** -0.018*** -0.013*** 0.002 -0.017***
 (0.000) (0.009) (0.003) (0.002) (0.002) (0.007) (0.003) 
Female -0.190*** -0.182*** -0.158*** -0.181*** -0.163*** -0.187*** -0.178***
 (0.001) (0.020) (0.010) (0.008) (0.007) (0.022) (0.008) 
Schooling 0.099*** 0.107*** 0.097*** 0.106*** 0.091*** 0.089*** 0.093*** 
 (0.000) (0.005) (0.002) (0.002) (0.002) (0.007) (0.002) 
Experience 0.039*** 0.060*** 0.047*** 0.042*** 0.046*** 0.048*** 0.044*** 
 (0.000) (0.003) (0.002) (0.001) (0.001) (0.004) (0.002) 
Experience Sq. -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001***
 (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 
Black -0.152*** -0.199*** -0.200*** -0.189*** -0.180*** -0.251** -0.117***
 (0.001) (0.056) (0.020) (0.011) (0.019) (0.085) (0.034) 
Hispanic -0.116*** -0.115 -0.152*** -0.163*** -0.154*** -0.040 -0.147***
 (0.001) (0.069) (0.012) (0.018) (0.011) (0.073) (0.018) 
Veteran 0.017*** 0.038 0.019 0.021 0.019 0.063 -0.016 
 (0.002) (0.055) (0.019) (0.018) (0.014) (0.041) (0.017) 
Public Sector 0.050*** 0.010 -0.057*** -0.122*** 0.011 0.038 0.027* 
 (0.001) (0.024) (0.011) (0.011) (0.009) (0.026) (0.010) 
Non-Profit -0.026*** -0.034 -0.057*** -0.058*** -0.057*** 0.029 0.008 
 (0.001) (0.027) (0.017) (0.016) (0.013) (0.036) (0.014) 
Disability -0.130*** -0.143* -0.083*** -0.126*** -0.132*** -0.101 -0.125***
 (0.002) (0.056) (0.023) (0.019) (0.018) (0.070) (0.022) 
Constant 1.248*** 0.937*** 1.221*** 1.117*** 1.346*** 1.155*** 1.313*** 
  (0.003) (0.078) (0.037) (0.034) (0.029) (0.110) (0.033) 
Observations 2,922,920 4,137 20,693 23,951 31,738 2,619 23,173 
R-squared 0.31 0.39 0.36 0.34 0.32 0.34 0.31 
Note: Estimates with standard errors reported in parentheses. Data come from the ACS-IPUMS sample. 
Estimates have been weighted at the person-level and errors have been made robust to heteroscedasticity. 
Levels of significance: * p<0.05, ** p<0.01, *** p<0.001. 
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Table 7. Pay Differential Analysis of GI Involvement by Sector of Employment  
 (1) (2) (3) 
  For-Profit Non-Profit Public 
GI Involvement -0.015*** -0.013*** -0.017*** 
(0.000) (0.001) (0.001) 
Female -0.196*** -0.082*** -0.211*** 
(0.001) (0.003) (0.002) 
Schooling 0.102*** 0.090*** 0.088*** 
(0.000) (0.001) (0.000) 
Experience 0.039*** 0.036*** 0.037*** 
(0.000) (0.000) (0.000) 
Experience Sq. -0.001*** -0.001*** -0.001*** 
(0.000) (0.000) (0.000) 
Black -0.181*** -0.125*** -0.073*** 
(0.002) (0.004) (0.003) 
Hispanic -0.129*** -0.079*** -0.029*** 
(0.001) (0.005) (0.003) 
Veteran -0.005* 0.028*** 0.044*** 
(0.002) (0.007) (0.003) 
Disability -0.139*** -0.134*** -0.099*** 
(0.002) (0.007) (0.004) 
Constant 1.206*** 1.319*** 1.480*** 
  (0.004) (0.011) (0.007) 
Observations 2,132,168 254,667 536,085 
R-squared 0.32 0.24 0.25 
Note: Estimates with standard errors reported in parentheses. These data come from the 
ACS-IPUMS sample. Estimates have been weighted at the person-level and errors have 
been made robust to heteroscedasticity. Levels of significance: * p<0.05, ** p<0.01, *** 
p<0.001. 
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Table 8. Pay Differential Analysis of GI Involvement with Occupation Fixed Effects  
 (1) (2) (3) (4) (5) (6) (7) 
  National Ann Arbor Austin Charlotte Denver Lincoln Portland 
GI Involvement -0.006*** -0.034** 0.003 -0.002 0.002 -0.010 -0.010 
 (0.000) (0.012) (0.005) (0.004) (0.003) (0.011) (0.006) 
Female -0.143*** -0.142*** -0.110*** -0.151*** -0.110*** -0.160*** -0.135***
 (0.001) (0.021) (0.009) (0.009) (0.007) (0.024) (0.008) 
Schooling 0.062*** 0.070*** 0.059*** 0.068*** 0.056*** 0.055*** 0.052*** 
 (0.000) (0.006) (0.002) (0.002) (0.002) (0.007) (0.002) 
Experience 0.033*** 0.051*** 0.038*** 0.036*** 0.039*** 0.039*** 0.037*** 
 (0.000) (0.003) (0.001) (0.001) (0.001) (0.004) (0.001) 
Experience Sq. -0.000*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001***
 (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 
Black -0.088*** -0.126* -0.120*** -0.117*** -0.105*** -0.148* -0.056 
 (0.001) (0.049) (0.016) (0.010) (0.017) (0.074) (0.031) 
Hispanic -0.073*** -0.055 -0.090*** -0.117*** -0.091*** -0.020 -0.097***
 (0.001) (0.062) (0.011) (0.016) (0.010) (0.059) (0.016) 
Veteran -0.003* 0.017 -0.003 0.025 -0.010 0.067 -0.021 
 (0.001) (0.052) (0.018) (0.015) (0.013) (0.041) (0.015) 
Public Sector 0.075*** 0.043 -0.015 0.006 0.065*** 0.043 0.089*** 
 (0.001) (0.026) (0.011) (0.013) (0.010) (0.027) (0.011) 
Non-Profit -0.022*** -0.039 -0.031 -0.031* -0.028* -0.000 -0.005 
 (0.001) (0.027) (0.016) (0.015) (0.011) (0.032) (0.012) 
Disability -0.103*** -0.112* -0.058** -0.101*** -0.109*** -0.041 -0.100***
  (0.002) (0.052) (0.020) (0.018) (0.016) (0.053) (0.019) 
Observations 2922920 4137 20693 23951 31738 2619 23173 
R-squared 0.43 0.49 0.49 0.46 0.45 0.49 0.45 
Note: Estimates with standard errors reported in parentheses. These data come from the ACS-IPUMS 
sample. Estimates have been weighted at the person-level and errors have been made robust to 
heteroscedasticity. Levels of significance: * p<0.05, ** p<0.01, *** p<0.001. 
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Table 9. Comparison of the Level of Skills by GI Occupation 
   GI SOCs Non-GI SOCs Difference       GI SOCs Non-GI SOCs Difference
Active Learning 35.3 43.17 -7.87***    Operation & Control 43.9 25.27 18.63*** 
  [6.10] [10.61] (2.23)      [4.92] [16.50] (3.45) 
Active Listening 40.82 48.49 -7.67***    Operations Analysis 16.82 25.14 -8.31** 
  [5.05] [8.71] (1.83)      [9.54] [15.13] (3.19) 
Complex Problem 38.63 43.07 -4.44*    Persuasion 31.46 39.23 -7.76*** 
 Solving [4.98] [8.87] (1.87)      [7.50] [10.04] (2.12) 
Coordination 45.02 44.43 0.60    Programming 3.11 10.42 -7.31** 
  [4.66] [7.59] (1.60)      [3.36] [11.32] (2.37) 
Critical Thinking 41.62 49.38 -7.76***    Quality Control 38.13 30.89 7.24* 
  [5.33] [8.57] (1.81)     Analysis [5.94] [14.08] (2.95) 
Equipment 35.79 14.45 21.34***    Reading 38.86 49.64 -10.78*** 
 Maintenance [10.67] [17.32] (3.65)     Comprehension [6.77] [10.97] (2.31) 
Equipment Selection 28.86 15.01 13.85***    Repairing 35.06 13.83 21.22*** 
  [7.82] [14.50] (3.05)      [10.80] [17.46] (3.68) 
Installation 11.68 5.54 6.14**    Science 10.51 18.14 -7.63* 
  [11.94] [10.49] (2.26)      [7.76] [17.89] (3.75) 
Instructing 34.84 39.37 -4.54*    Service Orientation 32.32 40.41 -8.09*** 
  [5.06] [10.10] (2.12)      [6.16] [9.20] (1.94) 
Judgment and 37.77 44.01 -6.24**    Social Perceptiveness 35.79 42.97 -7.18*** 
 Decision Making [5.63] [9.12] (1.92)      [7.06] [9.19] (1.95) 
Learning Strategies 31.38 37.85 -6.47**    Speaking 38.54 47.14 -8.60*** 
  [5.86] [10.91] (2.29)      [6.62] [9.48] (2.00) 
Management of 13.21 18.92 -5.71    Systems Analysis 27.72 35.28 -7.56** 
 Financial Resources [10.45] [14.51] (3.07)      [9.19] [12.16] (2.58) 
Management of 17.79 20.36 -2.57    Systems Evaluation 26.98 35.06 -8.08** 
 Material Resources [9.35] [12.07] (2.56)      [9.22] [13.07] (2.76) 
Management of 32.39 36.16 -3.77    Technology Design 11.69 13.16 -1.47 
 Personnel Resources [8.53] [10.48] (2.22)      [5.53] [10.20] (2.14) 
Mathematics 28.65 34.62 -5.97*    Time Management 37.86 42.68 -4.81** 
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  GI SOCs Non-GI SOCs Difference    GI SOCs Non-GI SOCs Difference
  [8.28] [12.99] (2.74)    [6.12] [7.26] (1.54) 
Monitoring 41.95 46.83 -4.88**    Troubleshooting 36.42 22.06 14.36*** 
  [5.38] [7.94] (1.68)      [6.83] [16.29] (3.41) 
Negotiation 28.62 36.29 -7.67***    Writing 33.38 44.59 -11.20*** 
  [7.76] [9.83] (2.08)      [7.57] [11.03] (2.33) 
Operation Monitoring 43.05 32.31 10.74***   
  [5.66] [13.50] (2.83)   
Note: Means with standard deviations reported in brackets and standard errors in parentheses. These data come from the O*NET 
database. Levels of significance: * p<0.05, ** p<0.01, *** p<0.001. 
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Table 10. Comparison of the Importance of Skills by GI Occupation 
   GI SOCs Non-GI SOCs Difference       GI SOCs Non-GI SOCs Difference
Active Learning 41.77 49.34 -7.58**    Operation & Control 55.71 29.76 25.95*** 
  [7.57] [11.71] (2.47)      [10.88] [20.99] (4.41) 
Active Listening 53.62 63.85 -10.23***    Operations Analysis 19.29 26.9 -7.61* 
  [7.29] [10.53] (2.23)      [9.45] [15.73] (3.31) 
Complex Problem 46.58 52.84 -6.26**    Persuasion 35.29 43.81 -8.52*** 
 Solving [5.90] [11.17] (2.35)      [9.43] [12.12] (2.57) 
Coordination 52.18 52.76 -0.58    Programming 4.86 12.82 -7.96** 
  [7.20] [9.66] (2.04)      [5.21] [12.18] (2.55) 
Critical Thinking 53.9 61.04 -7.14**    Quality Control 43.2 35.04 8.16* 
  [6.63] [10.49] (2.21)     Analysis [9.69] [17.10] (3.60) 
Equipment 41.04 16.82 24.22***    Reading 46.19 59.08 -12.89*** 
 Maintenance [14.58] [20.61] (4.36)     Comprehension [7.33] [12.87] (2.71) 
Equipment Selection 35.33 17.19 18.14***    Repairing 39.52 15.93 23.59*** 
  [10.45] [17.43] (3.67)      [14.07] [20.89] (4.41) 
Installation 13.86 6.34 7.52**    Science 13.2 20.18 -6.98 
  [13.94] [12.58] (2.71)      [9.22] [19.78] (4.15) 
Instructing 37.92 42.43 -4.51    Service Orientation 36.93 48.22 -11.29*** 
  [8.93] [12.99] (2.74)      [9.02] [13.29] (2.81) 
Judgment and 49.04 54.85 -5.81**    Social Perceptiveness 45.65 54.25 -8.59*** 
 Decision Making [6.98] [10.07] (2.13)      [6.34] [10.94] (2.30) 
Learning Strategies 34.32 40.17 -5.84*    Speaking 51.31 62.25 -10.93*** 
  [8.19] [12.42] (2.62)      [7.12] [11.27] (2.38) 
Management of 16.52 21.01 -4.49    Systems Analysis 30.37 39.2 -8.83** 
 Financial Resources [9.01] [13.78] (2.91)      [9.80] [14.36] (3.03) 
Management of 22.2 23.21 -1.01    Systems Evaluation 29.1 37.71 -8.61** 
 Material Resources [9.43] [11.92] (2.53)      [9.13] [13.78] (2.91) 
Management of 37.66 40.17 -2.51    Technology Design 15.36 15.73 -0.37 
 Personnel Resources [12.48] [12.97] (2.77)      [5.67] [10.16] (2.14) 
Mathematics 28.58 37.38 -8.81**    Time Management 48.62 52.56 -3.94* 
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  GI SOCs Non-GI SOCs Difference    GI SOCs Non-GI SOCs Difference
  [7.75] [14.10] (2.96)    [7.65] [8.37] (1.78) 
Monitoring 52.86 56.37 -3.51    Troubleshooting 42.44 25.11 17.33*** 
  [7.82] [8.37] (1.79)      [9.86] [19.16] (4.03) 
Negotiation 32.1 40.64 -8.54***    Writing 37.19 51.18 -13.98*** 
  [9.36] [12.06] (2.56)      [10.30] [14.23] (3.01) 
Operation Monitoring 55.78 38.84 16.94***   
  [9.03] [18.14] (3.81)   
Note: Means with standard deviations reported in brackets and standard errors in parentheses. These data come from the O*NET 
database. Levels of significance: * p<0.05, ** p<0.01, *** p<0.001. 
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Table 11. Pay Differential Analysis of GI Involvement with Skill Levels  
 (1) (2) (3) (4) (5) (6) (7) 
  National Ann Arbor Austin Charlotte Denver Lincoln Portland 
GI Involvement -0.011*** -0.032*** -0.007* -0.011*** -0.007** 0.002 -0.012** 
 (0.000) (0.008) (0.003) (0.003) (0.002) (0.007) (0.004) 
Female -0.132*** -0.120*** -0.098*** -0.125*** -0.099*** -0.133*** -0.127***
 (0.001) (0.020) (0.009) (0.009) (0.007) (0.024) (0.008) 
Schooling 0.060*** 0.071*** 0.056*** 0.066*** 0.052*** 0.053*** 0.050*** 
 (0.000) (0.006) (0.002) (0.002) (0.002) (0.008) (0.002) 
Experience 0.034*** 0.052*** 0.038*** 0.037*** 0.039*** 0.041*** 0.038*** 
 (0.000) (0.003) (0.002) (0.001) (0.001) (0.004) (0.001) 
Experience Sq. -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001***
 (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 
Black -0.087*** -0.127* -0.121*** -0.119*** -0.104*** -0.125 -0.064* 
 (0.001) (0.052) (0.016) (0.010) (0.017) (0.078) (0.032) 
Hispanic -0.074*** -0.069 -0.088*** -0.111*** -0.092*** -0.026 -0.112***
 (0.001) (0.060) (0.011) (0.016) (0.010) (0.059) (0.016) 
Veteran 0.000 0.030 0.011 0.024 -0.007 0.076* -0.014 
 (0.001) (0.054) (0.018) (0.016) (0.013) (0.039) (0.015) 
Public Sector 0.067*** 0.045 -0.037*** -0.037** 0.044*** 0.031 0.074*** 
 (0.001) (0.025) (0.010) (0.012) (0.009) (0.026) (0.010) 
Non-Profit -0.037*** -0.031 -0.044** -0.056*** -0.047*** 0.004 -0.002 
 (0.001) (0.027) (0.017) (0.015) (0.012) (0.032) (0.013) 
Disability -0.104*** -0.116* -0.065** -0.095*** -0.104*** -0.063 -0.090***
  (0.002) (0.049) (0.020) (0.018) (0.016) (0.059) (0.019) 
Observations 2,922,920 4,137 20,693 23,951 31,738 2,619 23,173 
R-squared 0.41 0.47 0.48 0.45 0.44 0.46 0.43 
Note: Estimates with standard errors reported in parentheses. These data come from the ACS-IPUMS 
sample. Estimates have been weighted at the person-level and errors have been made robust to 
heteroscedasticity. Levels of significance: * p<0.05, ** p<0.01, *** p<0.001. 
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Table 12. Pay Differential Analysis of GI Involvement with Skill Level and Occupational Fixed Effects  
 (1) (2) (3) (4) (5) (6) (7) 
  National Ann Arbor Austin Charlotte Denver Lincoln Portland 
GI Involvement -0.004*** -0.036** 0.007 -0.004 0.003 -0.010 -0.007 
 (0.000) (0.013) (0.005) (0.004) (0.004) (0.012) (0.006) 
Female -0.134*** -0.141*** -0.102*** -0.135*** -0.103*** -0.145*** -0.127***
 (0.001) (0.021) (0.009) (0.009) (0.007) (0.024) (0.008) 
Schooling 0.057*** 0.068*** 0.054*** 0.062*** 0.050*** 0.050*** 0.047*** 
 (0.000) (0.006) (0.002) (0.002) (0.002) (0.007) (0.002) 
Experience 0.033*** 0.050*** 0.037*** 0.035*** 0.038*** 0.038*** 0.036*** 
 (0.000) (0.003) (0.001) (0.001) (0.001) (0.004) (0.001) 
Experience Sq. -0.000*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001*** -0.001***
 (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) (0.000) 
Black -0.080*** -0.119* -0.111*** -0.112*** -0.101*** -0.152* -0.047 
 (0.001) (0.049) (0.016) (0.010) (0.017) (0.073) (0.030) 
Hispanic -0.067*** -0.035 -0.083*** -0.112*** -0.084*** -0.039 -0.091***
 (0.001) (0.062) (0.011) (0.016) (0.010) (0.056) (0.016) 
Veteran -0.007*** 0.011 0.000 0.020 -0.016 0.085* -0.025 
 (0.001) (0.052) (0.018) (0.015) (0.013) (0.039) (0.015) 
Public Sector 0.072*** 0.047 -0.010 0.009 0.064*** 0.029 0.091*** 
 (0.001) (0.025) (0.011) (0.013) (0.010) (0.027) (0.011) 
Non-Profit -0.023*** -0.037 -0.027 -0.031* -0.025* 0.001 -0.004 
 (0.001) (0.027) (0.016) (0.015) (0.011) (0.031) (0.012) 
Disability -0.100*** -0.103* -0.060** -0.092*** -0.103*** -0.049 -0.093***
  (0.002) (0.048) (0.020) (0.018) (0.016) (0.051) (0.019) 
Observations 2,922,920 4,137 20,693 23,951 31,738 2,619 23,173 
R-squared 0.44 0.51 0.50 0.47 0.47 0.52 0.47 
Note: Estimates with standard errors reported in parentheses. These data come from the ACS-IPUMS 
sample. Estimates have been weighted at the person-level and errors have been made robust to 
heteroscedasticity. Levels of significance: * p<0.05, ** p<0.01, *** p<0.001. 
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Table 13. Employer-Provided Health Insurance Differential Analysis of GI Occupation 
 (1) (2) (3) (4) (5) (6) (7) 
  National Ann Arbor Austin Charlotte Denver Lincoln Portland 
Panel A  
GI Share 0.66 0.80 0.53 0.64 0.63 0.76 0.72 
  (0.47) (0.40) (0.50) (0.48) (0.48) (0.43) (0.45) 
Non-GI Share 0.83 0.90 0.83 0.85 0.84 0.86 0.88 
  (0.38) (0.30) (0.38) (0.36) (0.36) (0.35) (0.33) 
Panel B   
Baseline -0.07*** 0.01 -0.11*** -0.07*** -0.09*** 0.01 -0.06** 
  (0.00) (0.05) (0.02) (0.02) (0.02) (0.04) (0.02) 
FE 0.01** -0.03 0.03 0.02 0.04 0.02 0.03 
  (0.00) (0.06) (0.03) (0.03) (0.03) (0.08) (0.04) 
Skills -0.07*** -0.00 -0.07** -0.06** -0.05* 0.01 -0.06** 
  (0.00) (0.05) (0.02) (0.02) (0.02) (0.05) (0.02) 
FE & Skills 0.02*** -0.02 0.05 0.03 0.07** -0.02 0.05 
  (0.00) (0.07) (0.03) (0.03) (0.03) (0.08) (0.04) 
Observations 2,922,920 4,137 20,693 23,951 31,738 2,619 23,173 
Note: Panel A reports means with standard deviations in brackets. Panel B reports regression estimates 
with standard errors reported in parentheses. These data come from the ACS-IPUMS sample. Estimates 
have been weighted at the person-level and errors have been made robust to heteroscedasticity. Levels of 
significance: * p<0.05, ** p<0.01, *** p<0.001. 
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Figures 
Figure 1. Skill Level Differential by Green Infrastructure Status 
 
Note: Data come from the O*NET skill database. Mean differences with p-values less than or equal to 0.05 are shown. 
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Figure 2. Skill Importance Differential by Green Infrastructure Status 
 
Note: Data come from the O*NET skill database. Mean differences with p-values less than or equal to 0.05 are shown. 
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Appendix 
Appendix Table 1. List of Urban Green Infrastructure Installation, Maintenance, 
and/or Installation Occupations 
O*NET-SOC 
2010 Code 
Involvement 
Category 
O*NET-SOC 2010 Title 
37-3013 High Tree Trimmers and Pruners 
45-4011 High Forest and Conservation Workers 
37-1012 Moderate First-Line Supervisors of Landscaping, Lawn Service 
and Groundskeeping Workers 
37-3012 Moderate Pesticide Handlers, Sprayers, and Applicators, Vegetation 
47-5021 Moderate Earth Drillers, Except Oil and Gas 
37-3011 Moderate Landscaping and Groundskeeping Workers 
45-1011 Moderate First-Line Supervisors of Farming, Fishing, and Forestry 
Workers 
45-2092 Moderate Farmworkers and Laborers, Crop, Nursery and Greenhouse 
47-2151 Moderate Pipelayers 
47-4071 Moderate Septic Tank Servicers and Sewer Pipe Cleaners 
47-4091 Moderate Segmental Pavers 
49-9071 Moderate Maintenance and Repair Workers, General 
49-9098 Moderate Helpers--Installation, Maintenance, and Repair Workers 
53-7032 Moderate Excavating and Loading Machine Operators 
47-1011 Low First-Line Supervisors of Construction Trades and Extraction 
Workers 
47-2061 Low Construction Laborers 
47-2071 Low Paving, Surfacing and Tamping Equipment Operators 
47-2073 Low Operating Engineers and Other Construction Equipment 
Operators 
47-3015 Low Helpers - Pipelayers, Plumbers, Pipefitters and Steamfitters 
49-9010 Low Control and Valve Installers and Repairers, Except Mechanical 
Door 
51-8031 Low Water and Wastewater Treatment Plant and System Operators 
53-7051 Low Industrial Truck and Tractor Operators 
53-7062 Low Laborers and Freight, Stock, and Material Movers, Hand 
53-7072 Low Pump Operators, Except Wellhead Pumpers 
47-2051 Low Cement Masons and Concrete Finishers 
47-2181 Low Roofers 
47-3016 Low Helpers -- Roofers 
Note: Data come from Jobs for the Future. Please contact them at info@jff.org for further details 
on the UGI-IMI involvement estimates. 
